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The August article noted that a number of
hedge fund strategies appear to be earning
risk premia.  In other words, they earn
returns because they are performing an eco-
nomic function which involves some form
of risk transfer.  One consequence is that
they have short-option-like return profiles. 
The previous article also discussed the new
risk assessment techniques that are being
used to evaluate hedge fund strategies, which
may have highly asymmetric outcomes.  Tra-
ditional risk measures that were designed
for diversified baskets of equities, which
have symmetric outcomes, are frequently
inappropriate for the evaluation of hedge
funds. 

A further distinguishing feature in eval-
uating the risk of hedge fund strategies is
the relative paucity of data, as noted by Feld-
man et al (2002).  This creates great dis-
comfort in attempting to apply statistical
techniques to sparse datasets.

This article will discuss five further
approaches that academics and practition-
ers have proposed since the summer for
addressing the risk considerations that are
unique to hedge funds.

Non-standard performance 
characteristics
The following section will briefly discuss
three risk measures that researchers have
recently proposed for evaluating hedge fund
strategies.
● Conditional value-at-risk. Agarwal and
Naik (2002) recommend applying the con-
ditional value-at-risk (CVaR) framework to
hedge funds.  They advocate replacing value-
at-risk (VaR), which has been popular
among traditional asset managers.  The
authors explain that;

‘[Whereas] VaR measures the maximum
loss for a given confidence interval, …
CVaR corresponds to the expected loss
conditional on the loss being greater than
or equal to the VaR’.
By using CVaR, the authors are able to

capture the left-tail risk of those hedge fund
strategies that have short put option-like
exposures.  

They additionally show that the applica-
tion of the mean-variance framework in the
case of some hedge fund strategies can result
in underestimation of tail risk by as much
as 50%.

The authors conclude that if an investor’s
goal is to create portfolios for which the
magnitude of extreme losses is kept under
control, then that investor should consider
using CVaR as their risk constraint.
● Modified value-at-risk. When one can-
not assume that an investment’s returns are
distributed normally (or at least symmetri-
cally distributed), Signer and Favre (2002)
propose a risk measure that takes into con-
sideration the third and fourth moments of
an investment’s distribution.  They describe
a statistical method for adjusting VaR to
incorporate skewness and kurtosis; they refer
to this new measure as ‘modified VaR’.

The authors advocate using modified VaR
as the risk constraint for portfolios that
include hedge funds because;
‘nearly all hedge fund strategies show
negatively skewed return distributions
with positive excess kurtosis’.
The authors provide an example that

shows how the efficient frontier is changed
when using modified VaR rather than VaR
as the risk constraint.  Exhibit 1:
‘shows the degree to which [a] … sample
portfolio with a hedge fund portion of

maximum 10% is represented too posi-
tively (in the sense of returns being too
favorably risk-adjusted) by not taking
account of the skewness and kurtosis of
the return distributions’.
The authors conclude that an evaluation

of the benefits of hedge funds needs to incor-
porate the higher moments of an investment
strategy’s return distribution.
● Excess downside deviation as an adjust-
ment to the Sharpe ratio. Johnson et al
(2002) note that many hedge fund strategies
appear to be in effect ‘short option’ strate-
gies that bear overpriced risks associated
with rare events.

The authors advocate examining the
downside deviation of an investment strat-
egy’s return distribution.  The downside
deviation measures the degree to which the
overall return distribution is due to returns
below a threshold level.  

Given that the Sharpe ratio is so preva-
lent as a performance measure, the authors
propose making an adjustment to this ratio
to incorporate the extra information from
the downside deviation calculation.  (The
Sharpe ratio is the expected excess return
divided by its standard deviation.)

Their ‘adjusted Sharpe ratio’is defined as:
‘the Sharpe ratio that would be implied
by the fund’s observed downside devia-
tion if returns were distributed normally’.
The authors show one example hedge

fund strategy where this adjustment can be
quite dramatic:
‘a Sharpe ratio of over 2.50 is reduced to
0.79 [for one particular fund]’.
The researchers conclude that their frame-

work has the benefit of being sensitive to
rare events, which might otherwise go unde-
tected when using standard measures.

Risk considerations
unique to hedge funds
Hilary Till continues in the spirit of her August 2002 
Quantitative Finance feature on measuring risk-adjusted
returns in alternative investments.
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Paucity of historical data
Historical hedge fund data only date back
to the 1990s.  This is probably not sufficient
to give a good understanding of the risks of
hedge-fund strategies.  Also, hedge-fund
returns from historical databases are likely
to be upwardly biased since unsuccessful
funds either do not report liquidation 
values or the funds are deleted altogether
from historical databases.

The following section will briefly discuss
two approaches that researchers have
recently proposed for addressing the his-
torical data problems associated with hedge
funds.
● Asset-based explanation of risks. The
current academic thinking on how to eval-
uate the brief track records of alternative
investment strategies is to use ‘asset-based
style factors’, which explain a strategy’s
returns.

Sharpe (1992) originally advocated this
approach to model mutual fund risk.  A cur-
rent effort by academics is to extend this
approach to hedge funds.

The idea is that if an investor can link a
hedge fund’s returns to the fund’s underly-
ing ‘style factors’, then one can use the
longer history of the factors’returns to eval-
uate the specific hedge fund.  Presumably
the longer history of the style factor(s) would
be sufficient that the magnitude of losses
that have occurred (and therefore could
occur again) would be apparent from the
long-term data.
Equity example. Agarwal and Naik (2002)

take into consideration the option-like fea-
tures inherent in a number of hedge fund
strategies.  Specifically, they apply stepwise
regressions on a number of equity hedge
fund strategies.   They regress the strategies
against a number of style factors and include
options on market indices, too.

For example, the authors find that the fol-
lowing risk factors are significant in explain-
ing the returns of the hedge fund research
event arbitrage index:  a short out-of-the-
money put on the S&P 500 along with an
equity market capitalization factor and a
equity value versus growth factor.

The authors recommend using replicat-
ing portfolios for each fund strategy based
on their respective significant risk factors.
In this way, one can use the longer history
of the strategy’s risk factors to evaluate
whether a particular hedge fund strategy is
a good fit for one’s overall portfolio.
Fixed-income example. Fung and Hsieh
(2002) advocate extracting common risk
factors in groups of fixed-income funds
using principal component analysis.  Their

procedure then links the extracted factors
to market observable prices, which have
longer price histories.  

The authors find that fixed-income hedge
funds primarily have exposure to fixed-
income related spreads, including the 
convertible/Treasury spread, the high yield/
Treasury spread, the mortgage/Treasury
spread, and the emerging market bond/
Treasury spread.  

The authors also construct a one-factor
model with a specific corporate credit spread
as the factor.  Their goal is to examine how
sensitive a particular fixed-income hedge
fund strategy is to changes in credit spreads.
They find a strong correlation using recent
data. They show that if one extrapolated this
relationship using a longer price history, one
would find losses that are double the worst
loss experienced in the brief history for this
category of hedge fund.

Fung and Hsieh (2002) conclude that the
returns for bearing the added sources of risk
identified in their study need to be balanced
against the additional tools needed to man-
age the attendant tail risk of the strategies.
● Disaster function. One simple method
of correcting for the survivorship bias that
is likely to exist in databases of hedge funds
returns is to apply a ‘haircut’ to returns.
Commonly used downward adjustments of
return data are in the range of 2% to 3% per
year.

The problem with this adjustment is that
it does not adequately capture the risk
reflected by attrition, as noted by Feldman
et al (2002).  

Feldman et al (2002) propose using
default-like models of attrition risk.  They
consider using a simple Poisson process for
their ‘disaster model’.  Specifically:
‘in every period, with fixed probability, a
fund loses half of its assets (computed
after its normal periodic return).  We set
the probability of failure at 0.25% per
month’.
The researchers find that when they

include the disaster model in their time series
structure, the negative skewness and excess
kurtosis of modelled hedge fund returns
increase considerably.  Both of these adverse
statistical properties negatively impact 
recommended allocations to hedge funds
under optimizations that take into consid-
eration commonly expected risk and loss
aversion levels of investors.

The specific parameters to use in models

The basic idea of a disaster
model is very appealing 
to experienced hedge fund
practitioners.

Exhibit 1. Sample portfolio with maximum 10% hedge fund. S refers to skewness; K
refers to kurtosis. Reproduced from Signer A and Favre L 2002 The difficulties of mea-
suring the benefits of hedge funds J. Alternative Investments 5 37.  
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of hedge fund attrition will be a matter of
considerable research.  But the basic idea
of a disaster model is very appealing to expe-
rienced hedge fund practitioners who have
witnessed the dynamics of the business
through financial crises during the past
decade.

Conclusion
As the hedge fund business expands rela-
tive to traditional asset management,
researchers are developing risk measures to
take into consideration the non-standard per-
formance characteristics of hedge funds.
This article gives three examples of pro-
posals that have been published since this
summer.  Each proposal notes that conven-
tional risk measures might understate the
risk of hedge fund strategies.

Researchers are also grappling with how
to extract useful risk information from brief

and flawed historical data.  This article dis-
cusses two proposals to address this diffi-
culty.  Although the proposals noted in the
article are highly statistical in nature, they
each require considerable professional judg-
ment in application.

References
Agarwal V and Naik N 2003 Risks and

portfolio decisions involving hedge
funds Rev. Financial Studies at press

Feldman B, Chen P and Goda C 2002
Portfolio with hedge funds Ibbotson As-
sociates Working Paper 16 October 2002

Fung W and Hsieh D 2002 Risk in fixed-
income hedge fund styles J. Fixed In-
come 12 6–27

Johnson D, Macleod N and Thomas C
2002 A framework for the interpretation
of excess downside deviation AIMA
Newsletter September 2002, pp 14–6

Sharpe W 1992 Asset allocation: measure-
ment style and performance measure-
ment J. Portfolio Management 18 7–19

Signer A and Favre L 2002 The difficulties
of measuring the benefits of hedge funds
J. Alternative Investments 5 31–41

Hilary Till is a co-founder and portfolio
manager of Premia Capital Management,
LLC in Chicago.  Premia Capital special-
izes in detecting pockets of predictability
in derivatives markets using statistical
techniques.  Prior to Premia Capital, Ms
Till was Chief of Derivatives Strategies at
Boston-based Putnam Investments.  She
has a BA in Statistics with general hon-
ours from the University of Chicago and
an MSc in Statistics from the London
School of Economics (LSE.)  She studied
at LSE under a private fellowship admin-
istered by the Fulbright Commission.


